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Abstract 
This study examines the impact of digital marketing strategies on consumer engagement and conversion 
outcomes from an organizational perspective using a large-scale secondary dataset comprising over 200,000 
campaign-level observations. Grounded in data-driven marketing and the Stimulus–Organism–Response (S– 

O–R) framework, the study evaluates whether commonly used digital metrics such as engagement score, 
clicks, and impressions significantly influence conversion behavior. A quantitative, explanatory research 

design is employed, utilizing descriptive statistics, correlation analysis, and multiple regression techniques. 
The findings reveal that digital marketing performance metrics do not have a statistically significant effect on 
conversion rates, with the regression model demonstrating negligible explanatory power. Additionally, 

minimal variation is observed across marketing channels and campaign types, suggesting that strategic choices 
alone may not substantially drive consumer conversion outcomes. These results challenge prevailing 

assumptions in digital marketing literature that engagement directly translates into conversion. The study 
highlights the limitations of relying solely on observable behavioral metrics and underscores the importance 
of incorporating deeper psychological and contextual factors in understanding consumer decision-making. 

The findings provide important theoretical and managerial implications, emphasizing the need for more 
comprehensive models and advanced analytical approaches to improve the effectiveness of digital marketing 

strategies. 
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1. Introduction 
The radical change in the marketing environment, 
which has already been brought about by the 
tremendous advancement in the digital 

technology, has already empowered organizations 
to leave the past behind, the intuitively-based 

models in decision making and move on to the 
highly-advanced, data-driven models. The digital 
marketing has become a crushing paradigm in 

which companies can utilize vast amounts of 
consumer data to design, implement, and optimize 

targeted campaigns on-the-fly. Specifically, the 
shift towards increased use of analytics, artificial 
intelligence, and business intelligence tools can be 

seen as a particularly productive way to increase 
the accuracy and efficiency of marketing strategies 

and make organizations perform better (Grandhi et 
al., 2021; Kawada et al., 2019). Digital marketing 
makes it possible to have access to granular real 

time measures such as clicks, impressions, 
engagement rates and conversions, unlike 

traditional methods of marketing that relied on 
aggregate measures such as reach and frequency. 
These indicators will enable marketers to conduct 

the assessment of the campaign performance on 
the spot and implement corrections to attain the 

most desirable outcome. 
Moreover, the growth of the popularity of 
personalization and personal communication has 

enhanced the value of data-driven marketing. 
Companies are now customizing their marketing 

activities to the preferences of individual 
consumers, thus enhancing interaction and 
boosting the chances of conversion (Abbas, 2024; 

Susanti, 2025). This is supported by integration of 
big data analytics since it assists companies to 

identify trends, predict consumer behaviour and 
streamline marketing strategies dynamically 
aligned to the trends. In its turn, the digital 

marketing not only increases the level of efficiency 
of the decision-making process, but also brings the 
marketing process and the organizational goals 

closer together (Theodorakopoulos and 
Theodoropoulou, 2024). 

Although these improvements have been made, 
organizations still have a long way to go in 
determining a clear and consistent connection 

between digital marketing plans and quantifiable 
consumer behavior results. Although companies 

are making colossal investments on digital 
platforms and technologies, the question on how to 
convert strategic decisions into behavioral 

responses in terms of engagement and conversion 

is multifaceted. Among the main problems is to 
understand what particular aspects of digital 

marketing, the choice of channels, the organization 
of the campaign and its orientation to the audience, 
have the most significant effect on consumer 

behavior. This is complicated by the fact that the 
digital environment is dynamic and multi-channel 

and the consumer behaviour is influenced by a set 
of factors in combination. Consequently, the 
marketing strategy formulation and the physical 

outcomes of the consumers are invariably out of 
touch, hindering organizational investments in 

digital marketing (YachouAityassine & Al-Ajlouni, 
2022). 
The existing body of research on the subject of 

digital marketing and consumer behavior is 
commensurate to a fragmented approach to this 

issue. A considerable portion of the research 
literature is focused on such psychological 
variables as trust, satisfaction, and purchase 

intention and is researched through a survey. Even 
though these studies provide valuable data 

regarding consumer perceptions and decision- 
making, they are not necessarily directly related to 
the real behavioral data and organizational 

performance indicators (Hulland et al., 2018). 
Conversely, another line of literature concentrates 

on specific digital marketing tools or practices such 
as personalization, content marketing, and 
engagement with social media and often speaks 

about the respective effects that each has on 
consumer outcomes (Alkadrie, 2024). These studies 
tend to be informative yet in most cases they fail to 

take into account the broader organizational 
picture and fail to give the overall impact of 

numerous strategies running concurrently. 

Consequently, it can be seen that the huge number 
of empirical studies that have been conducted on 
the relationship between the organizational digital 

marketing strategies and the quantifiable variables 
of consumer behavior in terms of actual data that 
deals with the real world is wanting. The recent 

progress in data analytics and predictive modeling 
indicate that one of the ways to fill this gap is to use 

behavioral data to help in determining meaningful 
connections between marketing campaigns and 
consumer reactions (Prasetio et al., 2025; Alhur et 

al., 2025). It is a gap that is highly important to 
bridge both in academics and in practice because it 

is through this that we may be in a position to know 
more about the effects of digital marketing 
strategies on consumer behavior in the modern 

days as shown in figure 1. 
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This research aims at making a contribution to this 
developing field in terms of adding organization- 
level digital marketing plans with big data 
(behavioral) data to explore their effect on 

consumer interest and conversion rates. The use of 
data-driven approach enables the research to 

transcend the traditional approach of survey 
research and provides a series of empirical data 

that is anchored on actual consumer interaction. 
The findings are expected to be added to the 
theoretical knowledge base linking the marketing 
strategy and behavior analytics, and offer practical 

lessons to those organizations, which want to 
optimize their digital marketing performance and 

improve decision-making performance. 

 

 

Figure 1: Conceptual Framework of Digital Marketing Strategies and Consumer Behavioral Outcomes 
 

This framework illustrates the sequential process 
from digital marketing strategies through data- 
driven execution and consumer engagement to 

conversion outcomes and organizational 
performance, highlighting how strategic inputs 

translate into measurable behavioral and business 
results. 

Research Objectives 
1. To assess the impact of digital marketing 
strategies on consumer engagement 
2. To examine the effect of consumer 

engagement on conversion outcomes 
3. To evaluate the effectiveness of organizational 
marketing strategies in driving conversion 

performance 

2. Methodology 
2.1 Research Design 
The research design presupposed in the paper is 
quantitative and explanatory to investigate the 
correlation between the digital marketing 

strategies and the conclusions drawn concerning 
consumer behavior. The approach is suitable to 
establish causality and identify trends in big data 

sets. The paper is also objective and empirical as it 
focuses on the quantifiable variables such as 

engagement and conversion. The design is based 
on evidence-based research on data marketing that 
is commonly used in high-impact research. 

 

2.2 Data Source and Sample 
The research employs a secondary data consisting 
of about 200,000 campaign-level observations of 
various organizations. The dataset contains data on 

marketing strategies, consumer interaction, and 
performance results in various industries and 
regions. The high sample size increases the 

statistical power and generalizability of the results. 
Being anonymized and publicly accessible, the 

dataset meets ethical research requirements 
(Guelmani, 2024). 

2.3 Variables and Measurement 
Digital marketing strategies are considered as 
independent variables, such as type of campaign, 

channel and campaign duration. The 
operationalization of consumer engagement as a 
mediating variable entails the measurement of 

such metrics like clicks, impressions and 
engagement scores. The consumer behavior 
(dependent variable) is measured in terms of 

conversion rate. Also, the analysis is extended with 
the organizational performance indicators of ROI 

and acquisition cost. 

2.4 Data Analysis Techniques 
The data is analyzed in the form of descriptive 

statistics to generalize about the data and discover 
patterns in marketing performance. This is preceded 
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by correlation analysis to test relationships between 
variables. In order to test the research objectives, the 
multiple regression analysis will be used to 
determine the effects of the strategies on 

engagement and conversion. A mediation analysis 
is also performed to determine the impact of 

engagement on the conversion outcomes. 

2.5 Reliability and Validity 
In an attempt to encourage robustness, the study 
does the traditional diagnostic tests, including tests 

of multicollinearity, heteroscedasticity, and model 
fit. The high validity of the external validity is 

enhanced by the large-scale data used and also by 
the minimization of sampling bias. Stability of 
findings is checked with the help of robustness 

checks of the alternative model specifications. Such 
processes will make sure that the findings are 

reliable, valid, and acceptable in both academic and 
practical application. 

3. Results 
3.1 Descriptive Statistics 
Table 1 shows the descriptive statistics of the study 

variables. The average conversion rate is 0.080 (SD 
= 0.041) which implies that there is moderate 
dispersion among campaigns. Engagement score 

means 5.49 which means that there is an equal 
measure of user engagement. The average number 

of clicks (549.77) and impressions (5507.31) is high. 
Also, the mean CTR is 0.140, and ROI is about 5.00, 
which indicates average campaign performance. 

Table 1. Descriptive Statistics 
Variable Mean Std. Dev Min Max 

Conversion_Rate 0.080 0.041 0.010 0.150 

Clicks 549.77 260.02 100 1000 

Impressions 5507.31 2596.86 1000 10000 

Engagement_Score 5.49 2.87 1 10 

CTR 0.140 0.131 0.010 0.992 

ROI 5.00 1.73 2.00 8.00 

Acquisition_Cost 12504 4337.66 5000 20000 

3.2 Channel-wise Performance Analysis 
Table 2 sums up the performance in marketing 

channels.  The  findings  show  little  channel 

difference in the conversion rates. Email marketing 
has the greatest average conversion rate (0.0803), 
with an almost equal conversion rate of Website 
and Google Ads. The engagement scores are not 

very high, which means that there is no channel 
that is significantly better than the other. 

Table 2. Channel-wise Performance 
Channel Used Conversion Rate Engagement Score 

Email 0.0803 5.49 

Website 0.0802 5.51 

Google Ads 0.0802 5.49 

Facebook 0.0800 5.50 

YouTube 0.0799 5.48 

Instagram 0.0799 5.49 

3.3 Campaign Type Performance Analysis 
The results for campaign types are shown in Table 

3. The influences campaign has the highest 
conversion rate (0.0803) followed by social media 
and display campaign. Nevertheless, the scores are 

slight, and there is almost no difference in the 
scores of engagements between the different types 
of campaigns, which indicates that there is not 

much variance in performance. 

Table 3. Campaign Type Performance 
Campaign Type Conversion Rate Engagement Score 

Influencer 0.0803 5.48 

Social media 0.0801 5.50 

Display 0.0801 5.51 

Search 0.0800 5.49 

Email 0.0798 5.50 

3.4 Correlation Analysis 
Table 4 shows the correlation matrix. The results 
show that conversion rate has negligible 
correlations with engagement score (r ≈ −0.001), 

clicks (r ≈ 0.0003), and impressions (r ≈ −0.003). 
There is a moderate positive correlation between 

clicks and CTR (r ≈ 0.51), and negative correlation 
between impressions and CTR (r ≈ = -0.66). These 
results show that the measures of engagement and 

exposure do not correlate well with conversion 
behavior (Figure 2). 

Table 4. Correlation Matrix 
Variable Conv. Rate Clicks Impressions Engagement CTR ROI Cost 

Conversion Rate 1.000 0.000 -0.003 -0.001 0.000 -0.001 0.001 

Clicks 0.000 1.000 0.000 -0.002 0.507 -0.002 0.000 

Impressions -0.003 0.000 1.000 0.003 -0.658 0.002 0.000 

Engagement Score -0.001 -0.002 0.003 1.000 -0.006 0.001 -0.003 

CTR 0.000 0.507 -0.658 -0.006 1.000 -0.002 -0.001 

ROI -0.001 -0.002 0.002 0.001 -0.002 1.000 0.005 

Acquisition Cost 0.001 0.000 0.000 -0.003 -0.001 0.005 1.000 
 

The matrix shows negligible correlations between 
conversion rate and engagement-related metrics, 

indicating weak predictive relationships. 
However, clicks and CTR exhibit a moderate 
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positive correlation, while impressions and CTR 
show a strong negative association, reflecting 
underlying mathematical dependencies. 

 

Figure 2: Correlation Matrix of Digital 
Marketing Metrics and Conversion Outcomes 

 

3.5 Regression Analysis 
3.5.1 Initial Model 
The initial regression model results are shown in 

Table 5. The model has an R² value of 0.000 and is 
not statistically significant (p > 0.05). None of the 
independent variables are significantly predictive 

of conversion rate meaning that it does not explain 
conversion rate significantly. 

Table 5. Initial Regression Results 
Variable Coefficient p-value 

Engagement Score -0.000009 0.769 

Clicks 0.000001 0.235 

Impressions -0.0000001 0.038 

CTR -0.002 0.101 

3.5.2 Revised Model 
The updated regression model without CTR is 

shown in Table 6. The findings are the same and 
the R2 is 0.000 and the model is not significant (p = 
0.635). None of the predictors have significant 

effects on conversion rate. 

Table 6. Revised Regression Results 
Variable Coefficient p-value 

Engagement Score -0.000009 0.776 

Clicks 0.00000004 0.908 

Impressions -0.00000004 0.204 

4. Discussion 
The main aim of the research was to explore the 

effect of the digital marketing strategies on 
consumer engagement and conversion rates 
through an organizational lens. However, contrary 

to expectations and a significant part of the 
available literature, the results show that the main 

digital marketing performance measures 
(engagement score, clicks and impressions) do not 

significantly influence the rates of conversion. The 
regression findings prove the lack of the 
explanatory power (R 2 = 0.000) of the studied 
variables, which means that all popular metrics do 

not predict the consumer conversion behavior in 
the context of the dataset under analysis. 

In terms of theory, the findings are an important 
deviation of the Stimulus-Organism-Response (S- 
O-R) model, according to which marketing stimuli 

(e.g., campaigns, channels) affect internal 
consumer states (organism), which subsequently 
prompts behavioral reactions (purchase or 

conversion) (Duong, 2023; Zhu et al., 2020; Bai and 
Lai, 2 Digital marketing tactics (stimulus) and 

engagement measures (organism proxy) in this 
experiment did not significantly convert into 
conversion results (response), indicating a failure 

or missing a link in the anticipated causal pathway. 
This means that engagement metrics might not be 

sufficient to facilitate consumer decision-making 
because of the internal cognitive and emotional 
processes in the process. 

The results also undermine previous empirical 
studies which focus on the positive correlation 

between engagement and conversion. Indicatively, 
research has revealed that increased 
personalization and interaction with the user is 

closely related to a high conversion rate (Abbas, 
2024; Daoud et al., 2023). Equally, engagement 

metrics have been deemed as some of the most 
important predictors of conversion behavior by 
machine learning-based and regression-based 

analyses (Prasetio et al., 2025; Lu, 2024). 
Nevertheless, these conclusions are not supported 

by the current study which suggests that the 
engagement and conversion association might be 
less deterministic and more context-dependent 

than thought before. The first potential reason is 
that engagement measurements, including clicks 

or impressions can capture shallow interactions 
and not a genuine intent by the consumer. 

The other lesson that can be learnt in the course of 
this study is that there was not much variation 

among the marketing channels and types of 
campaigns. Both the descriptive and comparative 
analyses reveal that conversion rates are rather 

stable irrespective of the platform or strategy of the 
campaign. This observation is in contrast to the 

studies which indicate that the choice of the 
strategic channels and the focused campaigns 
greatly enhance marketing performance and 

organizational outcomes (Vizitiu et al., 2024; 
Rahardja and Aini, 2025). This study only shows a 

lack of differentiation across channels, so it could 
be the case that the effectiveness of digital 
marketing  strategies  is  contingent  on  more 
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contextual or consumer-specific factors that were 
not reflected in the data. 
Methodologically, the findings indicate the 
drawbacks of using observable behavioral 

measures alone in explaining consumer decision- 
making. Although big data and analytics have 

contributed greatly to the capability of marketing, 
they might not fully reflect latent constructs of 
trust, perceived value, or purchase intention which 

are key driving factors behind consumer behavior 
(Theodorakopoulos and Theodoropoulou, 2024). 
This is in line with more general criticisms in the 

literature that focus on the disconnect between 
behavior and the psychological processes (Alhur et 

al., 2025). Therefore, lack of significant 
relationships in this study could be due to omitted 
variable bias as opposed to the lack of effects in the 

real world. 

Also, the results give significant questions 
regarding the type and quality of the data. The fact 
that the correlations are extremely low and the 

relationships are not statistically significant implies 
that the data might be highly randomized, or the 

key constructs may not have enough variation. 
This is especially possible when it comes to 
synthetic or aggregated data, which might not be a 

complete characterization of the actual consumer 
behavior patterns. According to the recent 

researches, the usefulness of predictive models in 
online marketing strongly relies on the richness 
and granularity of the information. Consequently, 

the results obtained ought to be read carefully 
bearing in mind the possible data constraints. 

The findings have a lot of implications as far as 
managerial standpoints are concerned. Clicks, 
impressions and engagement rates are some of the 

key performance indicators (KPIs) that can be used 
by organizations to determine the success of their 

digital marketing efforts. However, according to 
the results of this paper these measures may not be 
directly associated with the results of conversion. 

This suggests a possible mismatch between widely- 
used KPIs and real business goals. A wider concept 

of performance measurement which integrates 
both the behavioral data and the psychological 
skills should also be adopted by managers in order 

to understand the way consumers make a decision 
better (Perreault and Mosconi, 2018). 

The necessity to employ more sophisticated 
methods of analysis and more informative data 

that would enhance prediction accuracy is also 
revealed in the paper. More advanced approaches 

to obtain complex and non-linear relationships in 
digitized marketing data (including machine 
learning models) may be a better fit, yet the 
standard versions of regression models may come 

in handy (Prasetio et al., 2025). These techniques 
should be investigated in future research in order 

to be able to derive much stronger models of 
consumer behaviour. 
This research adds to the body of literature by 

showing that the popular measures of digital 
marketing do not always foretell conversion 
behavior, thus defying traditional beliefs about the 

efficacy of marketing. The findings suggest that the 
process of consumer decision-making is a complex 

one and available data-based approaches lack 
holisticness and more comprehensive models that 
are acquired by taking into consideration all 

elements (behavioural as well as psychological) are 
needed. 

5. Conclusion 
The research aimed to investigate the impacts of 

digital marketing plans on consumer response and 
conversion rate in an organization in a high scale 
consumer secondary data. The results indicate that 

the most commonly used measures of digital 
marketing, such as engagement score, clicks and 

impressions, do not play a significant role in the 
conversion rates. Although the majority of the 
individuals believe that the higher the contact the 

more the conversions, the findings show that the 
two are not significant and do not have a statistical 

meaning in the data the analysis is conducted. 
Secondly, the marketing medium and type of 
campaigns do not differ much, and this means that 

the consumer conversion behavior will have few 
impacts on strategic options. These results indicate 

that the process of consumer decision making is 
quite complex and imply that the results of 
conversion should be affected by other factors like 

trust, perceived value and psychological drivers 
inaccessible in behavioral data. In practice, the 

research throws light on the consequences of 
engaging in the use of engagement-based proxies 
to measure the impact of marketing. Businesses 

should adopt a more holistic approach whereby 
behavioral analysis and better understanding of 

consumer are undertaken. This study is a welcome 
addition to the existing literature on data-driven 
marketing due to its focus on more robust 

modeling and more comprehensive data to study 
and forecast consumer behavior online. 
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