
          

SCIENTIFIC CULTURE, Vol. 12, No. 2.1, (2026), pp. 8966-8978 
Open Access. Online & Print 

 

 

                        www.sci-cult.com   

DOI: 10.5281/zenodo.19892267 

  

 

Copyright: © 2026. This is an open-access article distributed under the terms of the Creative Commons Attribution License.  
(https://cre-ativecommons.org/licenses/by/4.0/). 

DIGITAL PUBLIC SPHERE AND THE CULTURAL 
CONTESTATION OF POLICY LEGITIMACY: A NETWORK 
ANALYSIS OF INDONESIA’S FREE NUTRITIOUS MEAL 

DEBATE 

Muhammad Gufran Tuanaya1, Rico Paulus Sibuea2, Noviyanti Sunardi3, Rara 
Manurgara Talaohu4, Muhammad Rezha Ricky Fadilah5, Nurmiranti Masawoy6 

1,2,3,5,6 Master’s Program in Public Administration, Universitas Gadjah Mada, Special Region of Yogyakarta, 
Indonesia 

4 Master’s Program in Public Policy, Universitas Gadjah Mada, Special Region of Yogyakarta, Indonesia 

Received: 15/02/2026 
Accepted: 18/03/2026 

Corresponding Author: Muhammad Gufran Tuanaya 
(muhammadgufrantuanaya@mail.ugm.ac.id) 

ABSTRACT 

This study aims to analyze the structure of digital discourse surrounding the Free Nutritious Meal (MBG) 
policy to assess whether the resulting public sphere tends toward deliberation or fragmentation. Using a Social 
Network Analysis (SNA) approach, the study maps interactions on Platform X during January 2026, a period 
marked by the highest intensity of debate. The dataset consists of 4,711 accounts and 12,982 interaction ties, 
including retweets, mentions, and replies. The analysis is conducted through four principal indicators: network 
connectivity, centralization patterns, interaction modes, and discursive plurality. The findings indicate that 
the MBG discourse forms a multipolar structure with a moderate level of fragmentation. Interactions occur 
more dominantly within internal clusters than across clusters, with varying degrees of centralization across 
communities. Communication patterns are largely driven by retweets and mentions, while the proportion of 
replies remains relatively low, suggesting a tendency toward narrative amplification rather than direct 
dialogue. Nevertheless, the discourse continues to exhibit plurality through variations in sentiment, emotional 
expression, and hashtag framing. Negative sentiment and morally evaluative emotions are more prominent, 
indicating pressures on policy legitimacy. Overall, the MBG digital public sphere reflects a fragmented yet 
plural condition in the contestation of policy meaning. 

KEYWORDS: Digital Public Sphere, Social Network Analysis, Discursive Fragmentation, Policy Legitimacy, 
Free Nutritious Meal (MBG) Policy. 
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1. INTRODUCTION 

Over the past five years, social media has 
increasingly been understood as a digital public 
sphere that shapes patterns of participation and 
meaning-making in public policy issues 
(Muhammad & Muhamad, 2025; Staab & Thiel, 
2022). A growing body of scholarship demonstrates 
that network architecture and content-sharing 
mechanisms significantly influence the formation of 
discursive communities, which may either 
strengthen social connectedness or reinforce social 
separation (Cui et al., 2024; Gusti et al., 2025). Studies 
on online fragmentation and polarization emphasize 
that network structure often plays a more decisive 
role in shaping the direction of discourse than the 
content of messages alone (Iandoli et al., 2021; Mattei 
et al., 2022). Consequently, examining the structure 
of digital interactions becomes essential for 
understanding how discursive cultures evolve in 
debates over publicly significant policies 
(Brüggemann & Meyer, 2023).  

The Free Nutritious Meal program was 
introduced as a social policy aimed at enhancing 
child welfare and supporting educational outcomes 
(Jablonski et al., 2023; Matsentu, 2025). School 
feeding programs are globally recognized for their 
positive impacts on health and learning 
environments, yet they also generate debates 
regarding budget sustainability and fiscal 
prioritization (Batistela dos Santos et al., 2022; 
Ouedraogo et al., 2025). In the Indonesian context, 
controversy intensified when segments of the public 
perceived a potential reallocation of education funds. 
This situation reflects a value conflict between 
welfare intervention and investment in education. 
When such value conflicts emerge, social media 
becomes a primary arena for opinion formation and 
the contestation of policy legitimacy (Wineman et al., 
2022). 

Drawing on the Networked Public Sphere 
framework, the public sphere in the digital era is 
constituted through networks of user interactions 
rather than a single centralized channel of 
communication (Friemel & Neuberger, 2023; Zhang, 
2023). Such network structures may produce two 
contrasting outcomes. First, discourse becomes 
deliberative when cross-group interactions are 
sufficiently intensive to enable argument exchange 
(Bruns, 2023). Second, discourse tends toward 
fragmentation when relatively isolated clusters form 
and interactions are dominated by internal narrative 
reinforcement (Quintanilha, 2018). Recent literature 
on deliberation and polarization highlights that 
network characteristics critically shape whether 

public communication fosters integration or instead 
reinforces social boundaries. 

Most social media studies related to public policy 
continue to focus primarily on sentiment analysis or 
topical trends (Yue & Yu, 2025a). While valuable, 
these approaches remain insufficient to explain how 
network structures influence the formation of policy 
legitimacy. Emerging research underscores that 
patterns of message diffusion and community 
formation within social networks can intensify 
information segregation, even when changes in 
message content are minimal (Yue & Yu, 2025b). 
Meanwhile, studies on digital government 
communication indicate that policy legitimacy 
increasingly depends on public responses within 
online platforms. Nevertheless, the relationship 
between discursive network structures and the 
legitimacy of social policy remains relatively 
underexplored in empirical research. 

1.2. The Purpose of the Study 

This study aims to analyze the network structure 
of digital discourse surrounding the MBG policy in 
order to identify whether the emerging public sphere 
is deliberative or tends toward fragmentation. 
Employing Social Network Analysis, the study maps 
conversational clusters, patterns of inter-community 
connections, and the degree of actor centralization 
within the discourse (Atsilah Siregar & Nugroho, 
2025; Lutkenhaus et al., 2025; Paskarina, 2023). This 
approach aligns with recent research emphasizing 
the importance of network indicators in assessing 
online polarization and deliberation. Accordingly, 
the study moves beyond merely identifying 
supportive or opposing positions and instead 
examines how communication structures shape the 
dynamics of policy legitimacy. 

 The significance of this research lies in its 
implications for the legitimacy of social policy in the 
era of digital platforms. If the discourse is 
deliberative, social media may function as a feedback 
mechanism that contributes to the refinement of 
policy design and communication strategies. 
Conversely, if the discourse exhibits structural 
fragmentation, the risk of delegitimation increases, as 
policy clarification may struggle to penetrate isolated 
clusters and negative narratives may intensify 
through internal amplification. Literature on policy 
legitimacy and digital government communication 
suggests that public perceptions of policy are 
increasingly shaped by online conversational 
dynamics. Therefore, understanding network 
structures is crucial for sustaining policy stability. 
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2. THE CONCEPTUAL FRAMEWORK OF 
THE STUDY 

This study is grounded in the assumption that the 
controversy surrounding the MBG policy extends 
beyond a simple dichotomy of support and 
opposition, and instead reflects how the digital 
public sphere structures value conflicts between 
educational priorities and welfare interventions 
(Avelino, 2021; Wu et al., 2025). Within the 
Networked Public Sphere framework, policy 
discourse is understood as the outcome of 
configurations of digital interaction networks 
(Benkler, 2008). Such network structures shape how 
narratives concerning the “reallocation of education 
funds” or the “right to child nutrition” are 
disseminated, reinforced, or contested within the 
public sphere of Platform X (Casero-Ripollés, 2021). 

Operationally, the network structure of MBG 
discourse is measured through three principal 
constructs: (1) the formation of conversational 
clusters indicating value segmentation, (2) dominant 
interaction patterns (retweets as amplification versus 
replies as dialogue), and (3) the distribution of 
centrality reflecting the concentration of discursive 
power among specific accounts (Benkler, 2008). In the 
MBG context, clusters may represent communities 
emphasizing educational priorities or those 
supporting welfare-oriented policy intervention. 
Disparities in centrality indicate whether the debate 
is driven primarily by digital elites or dispersed more 
participatorily across users. 

The character of the discourse is subsequently 
classified along a deliberative–fragmented spectrum. 
MBG discourse is considered deliberative when 
cross-cluster interactions occur between value-
divergent groups, enabling negotiation over policy 
priorities. Conversely, discourse is deemed 
fragmented when communities supporting and 
opposing MBG remain relatively isolated, 
interactions are dominated by internal retweet 
amplification, and sentiment is concentrated within 
respective clusters. Under such conditions, network 
structures do not facilitate dialogue but instead 
reinforce ideological boundaries. 

The ultimate implication of this discursive 
structure concerns the legitimacy of the MBG policy. 
In this study, legitimacy is operationalized through 
aggregate sentiment distribution and the stability of 
public conversations. A more deliberative discourse 
is assumed to enable informational correction and 
policy adaptation, thereby strengthening legitimacy. 
In contrast, structural fragmentation may heighten 
the risk of delegitimation, as policy clarification 
struggles to penetrate cluster boundaries and value 

conflicts solidify within separated digital 
communities. 

3. METHODS OF THE STUDY 

This study employs a quantitative design based 
on Social Network Analysis (SNA) to examine the 
structure of digital discourse surrounding the Free 
Nutritious Meal (MBG) policy (Creswell, 2013). Data 
were collected from Platform X due to its open 
architecture, which enables the mapping of retweet, 
mention, and reply relationships as measurable 
relational units within public communication 
networks. The data collection period covered 1–31 
January 2026, with peak conversational activity 
occurring on 24 January 2026, in order to capture the 
network configuration during the escalation phase of 
the issue. This timeframe was selected to observe the 
structure of discourse when public attention was at 
its highest intensity. 

The dataset consists of 4,711 accounts (nodes) and 
12,982 interaction ties (edges), with a total of 194,197 
posts. Interactions comprise retweets (39%), 
mentions (48%), and replies (1.4%). The data were 
cleaned through the removal of duplicates and non-
relevant content based on MBG- and education-
budget-related keywords. The network was 
constructed as an undirected graph to map aggregate 
community structures. Nodes represent user 
accounts, while edges represent interaction ties 
between accounts. The analysis was conducted using 
Big Data Advanced Network Analytics (ANA). 

Community detection was performed using a 
clustering algorithm based on internal connection 
density to identify conversational clusters. Network 
structure was analyzed through: (1) cluster size 
distribution as an indicator of value segmentation, (2) 
degree centrality and betweenness centrality to 
measure influence concentration, and (3) the 
proportion of inter-cluster interactions to assess 
cross-community connectivity. In addition, the 
retweet-to-reply ratio was calculated to evaluate the 
dominance of amplification patterns over direct 
dialogue, which digital polarization literature 
frequently associates with network fragmentation. 

The character of discourse was measured through 
a series of quantitative indicators. Discourse was 
categorized as deliberative when three conditions 
were met: (1) a relatively high proportion of cross-
cluster interactions compared to intra-cluster 
interactions, (2) a low centralization index indicating 
that influence is not overly concentrated among a 
small number of actors, and (3) a reply-to-total 
interaction ratio demonstrating meaningful direct 
dialogue. Conversely, discourse was categorized as 
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fragmented when (1) clusters were relatively isolated 
with dominant intra-cluster interactions, (2) 
centrality values were highly concentrated among 
specific actors (high centralization), and (3) 
interactions were dominated by retweets as a form of 
internal amplification. 

Sentiment analysis was employed as a 
consequential variable to link discursive structure 
with policy legitimacy. Sentiment distribution was 
examined at both network and cluster levels to assess 
whether negative or positive opinions were 
concentrated within particular communities . A 
concentration of negative sentiment within isolated 
clusters was interpreted as an indicator of 
delegitimation risk, whereas a more dispersed 
sentiment distribution across clusters suggested 
potential value negotiation within the digital public 
sphere. Through this approach, deliberation and 
fragmentation were measured systematically using 
replicable network-based indicators. 

4. RESULTS 

4.1. Network Connectivity  

The network connectivity indicator assesses the 
extent to which MBG discourse on Platform X forms 
an integrated or segmented digital public sphere. 
Empirically, network segmentation is typically 
reflected in the emergence of internally cohesive 
communities with comparatively limited cross-
community connections. Such patterns frequently 
arise in controversial policy debates, as users tend to 
interact with like-minded actors, thereby reinforcing 
homophily and value differentiation (Batistela dos 
Santos et al., 2022; Matsentu, 2025). Therefore, the 
assessment of connectivity in this study does not rely 
solely on network visualization but also on the 
distribution of cluster sizes as quantitative evidence 
of the underlying community structure. 

Figure 1: Clustered Social Network Visualization of the Free Nutritious Meal (MBG) Policy Discourse on 
Platform X, January 2026. 

 
Source Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026. 

 Figure 1 illustrates the configuration of the 
MBG discourse network, which is organized into 
several clusters with relatively distinct visual 
boundaries. Edge density appears stronger within 
each cluster than across clusters. Empirically, this 
pattern indicates the dominance of intra-community 
connectivity, suggesting that interaction flows and 
information exchange occur more intensively within 
like-minded communities than between different 

groups. In analytical terms, this finding aligns with 
literature emphasizing that when intra-community 
connections are more pronounced, the digital public 
sphere tends to develop into a segmented discursive 
arena, even before ideological polarization fully 
intensifies (Atsilah Siregar & Nugroho, 2025; Yue & 
Yu, 2025b). Thus, the network visualization provides 
initial evidence of structural segmentation. 

Table 1: Characteristics of Clusters in the Free Nutritious Meal Policy Discourse on Platform X Based on 
Proportion, Attitudinal Orientation, and Discursive Character. 

Cluster Size Dominant Narrative Discursive Character 
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Blue (34%) 
Critique of education budget 

allocation 
Normative–constitutional 

Normative–Critical (grounded in 
constitutional arguments and 

educational priorities) 

Green (28%) Critique of elites/media Opinion-driven 

Opinion-Leader Driven 
(influenced by high-profile 

accounts and strong framing 
effects) 

Red (17%) 
Technical debate on budget 

allocation 
Argumentative 

Argumentative–Technocratic 
(based on data and fiscal 

rationality) 

Purple (10%) Emotional mobilization Centralized 
Emotional–Mobilizational 
(strong rhetoric and high 

sentiment intensity) 

Yellow (4%) Support for MBG Pro-policy 
Rational Pro-Policy (emphasizing 
human capital development and 

nutritional benefits) 

Brown (1%) Extreme ideological critique Polarized 
Ideological–Polarizing (harsh 

and segregative rhetoric) 

Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026. 

The cluster distribution presented in Table 1 
reinforces the interpretation of a multipolar structure 
within the MBG discourse. The largest cluster (Blue, 
34%), characterized as normative–constitutional, 
focuses on critiques of education budget allocation, 
followed by the Green cluster (28%), which is 
opinion-leader driven, and the Red cluster (17%), 
which adopts an argumentative–technocratic 
orientation. No single cluster accounts for more than 
half of the network, indicating that the discourse is 
not centralized within a single dominant community. 
Empirically, this configuration reveals the presence 
of several relatively strong centers of conversational 
gravity, each advancing distinct narrative 
orientations, normative, elite-framed, and 
technocratic, that compete in shaping the direction of 
public opinion. In analytical terms, such a multipolar 
structure is often associated with a fragmented 
discursive ecosystem composed of relatively 
independent value arenas (Iandoli et al., 2021; Mattei 
et al., 2022). 

This segmentation is evident not only in 
proportional size but also in the differentiation of 
narrative character across clusters. The Blue cluster 
emphasizes constitutional arguments and 
educational priorities, the Green cluster reflects the 
influence of prominent accounts in framing the issue, 
and the Red cluster underscores fiscal rationality. 
Meanwhile, the Purple (10%) and Brown (1%) 
clusters exhibit stronger emotional and ideological 
intensity, despite their smaller size. These differences 
indicate that the discourse does not unfold within a 
single shared deliberative arena, but rather across 
multiple communities with distinct value 
orientations. Nevertheless, network visualization 
still reveals the presence of bridging nodes 

connecting clusters, suggesting that segmentation 
has not reached complete isolation. 

The existence of cross-cluster connectivity 
indicates that the MBG digital public sphere is 
situated in a condition of moderate fragmentation. 
Community boundaries have formed and appear 
relatively stable, yet they are not entirely closed to 
cross-exposure. In network polarization research, 
such a condition is understood as an advanced stage 
of community differentiation that still preserves 
opportunities for cross-value interaction (Garimella 
et al., 2022). Overall, the connectivity findings 
demonstrate that MBG discourse is multipolar and 
moderately segmented. Opinion dynamics develop 
more through narrative competition among 
communities than through negotiation within a 
unified deliberative space, although the possibility of 
cross-cluster dialogue remains open and warrants 
further examination through subsequent indicators. 

4.2. Centralization Pattern 

The centralization pattern indicator is employed 
to assess how discursive power is distributed within 
the principal clusters of the MBG discourse. While 
the connectivity indicator revealed a multipolar 
structure with moderate segmentation, the analysis 
of centralization is necessary to determine whether 
each community evolves in a participatory manner 
or becomes concentrated around digital elites (Ngaji 
et al., 2025). The focus of analysis is directed toward 
the three largest clusters, Blue, Green, and Red, as 
collectively they comprise the majority of the 
network and constitute the primary arenas of 
narrative competition identified in the previous 
section. 
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Figure 2 Distribution of Dominant Actors (Degree Centrality) Across Clusters in the Free Nutritious Meal 

(MBG) Policy Discourse on Platform X, January 2026. 
Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026.

 
 Figure 2 illustrates variations in the 

distribution of degree centrality across the three 
principal clusters. The Green cluster exhibits the 
sharpest disparity between the leading account and 
other actors. Empirically, this pattern indicates a high 
concentration of influence, where conversational 
flows are largely guided by a central figure. This 
finding is consistent with the opinion-leader-driven 
character previously identified in the connectivity 
analysis. In contrast, the Blue cluster demonstrates a 

relatively more dispersed distribution of influence 
(Batistela dos Santos et al., 2022; Ouedraogo et al., 
2025; Wineman et al., 2022). Although dominant 
actors are present, the gap in centrality values among 
accounts is not as pronounced. The Red cluster 
occupies an intermediate position, featuring 
influential figures without exhibiting extreme 
dominance (Kuhamanee et al., 2017). These 
variations suggest that structural fragmentation does 
not necessarily entail uniform levels of centralization 
across communities. 
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Figure 3 Distribution of Supporting Accounts (List Troops) Based on Interaction Frequency Across 
Clusters in the Free Nutritious Meal (MBG) Policy Discourse on Platform X, January 2026. 

Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026.

The list troops pattern reinforces the previous 
interpretation. In the Green cluster, supporting 
accounts are highly concentrated in reinforcing the 
central actor, forming a structure resembling a star-
shaped network. Empirically, this configuration 
indicates that narratives are strengthened through a 
vertical amplification mechanism from the center to 
the periphery. In contrast, the Blue cluster exhibits a 
more diversified distribution of supporting accounts, 
not entirely concentrated around a single figure. This 
pattern suggests a relatively more participatory 
reinforcement structure. The Red cluster presents a 
moderate configuration, where several accounts 
make significant contributions without producing a 
single dominant actor. Overall, centralization across 
the three principal clusters reflects varying degrees of 
influence concentration rather than a uniform pattern 
a uniform pattern. 

 

 
 

 
 
 

Figure 4 Distribution of Interaction Types (Edge 
Types) Across Clusters in the Free Nutritious Meal 
(MBG) Policy Discourse on Platform X, January 

2026. 
Source: Authors’ analysis using Big Data 

Advanced Network Analytics (ANA), 2026. 
 

The distribution of interaction types indicates the 
dominance of retweets over replies across all three 
clusters, albeit with varying intensity. In the Green 
cluster, retweets are markedly more dominant, 
reflecting a one-directional amplification pattern that 
reinforces the concentration of influence around the 
central actor. In the Blue and Red clusters, retweets 
remain the primary mechanism for narrative 
dissemination; however, the interaction composition 
is relatively more balanced compared to the Green 
cluster (Brüggemann & Meyer, 2023; Cui et al., 2024; 
Iandoli et al., 2021). Analytically, the dominance of 
retweets in more centralized clusters suggests that 
certain communities evolve through internal 
narrative reinforcement rather than intensive 
dialogic exchange.  

 Overall, the centralization indicator 
demonstrates that the structural fragmentation 
identified in the connectivity analysis is further 
reinforced by the concentration of discursive power 
within particular clusters, especially the Green 
cluster. Meanwhile, the Blue and Red clusters exhibit 
moderate levels of centralization, allowing for a 
broader distribution of influence. Thus, the MBG 
digital public sphere is not only segmented at the 
community level but also characterized by varying 
distributions of power within each community. 
These findings deepen the understanding of the 
nature of fragmentation previously identified. 
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5.3. Interaction Mode 

 The interaction mode indicator is employed 
to examine how the forms of communicative 
relations within each cluster shape the character of 
MBG discourse. While the connectivity indicator 
assesses structural segmentation and the 
centralization indicator evaluates the distribution of 
discursive power, this indicator focuses on the types 
of interactions that dominate communication flows. 
In the networked public sphere literature, the 
dominance of retweets is commonly associated with 
mechanisms of narrative amplification, whereas a 
higher proportion of replies represents the potential 
for dialogue and cross-actor argument exchange 
(Gusti et al., 2025; Kim et al., 2025; Mallek et al., 2024).  

 Therefore, edge composition becomes a 
crucial indicator for determining whether discourse 

evolves in a deliberative manner or tends to reinforce 
value segregation. At the aggregate network level 
(Figure 5), the distribution of interactions shows that 
mentions constitute the largest relational form 
(48.7%), followed by retweets (39.0%), hashtags 
(10.9%), and replies (1.4%). This composition 
indicates that MBG conversations are not driven 
solely by content amplification but also involve the 
practice of mentioning other accounts as part of 
framing strategies or positional signaling. 
Nevertheless, the relatively low proportion of replies 
suggests that direct dialogue between accounts 
remains limited. Analytically, this pattern indicates 
that the MBG digital public sphere develops more as 
an arena for dissemination and positional 
reinforcement than as a space for intensive 
argumentative exchange.

 

 
Figure 5 Aggregate Distribution of Interaction Types (Edge Types) in the MBG Policy Discourse on 

Platform X, January 2026. 
Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026.

 
 When analyzed across the principal clusters, 

variations in interaction patterns reveal sharper 
differentiation in communicative character. In the 
Blue cluster (Figure 6), mentions dominate (60.9%), 
followed by hashtags (18.1%), retweets (15.1%), and 
replies (6.0%). This composition indicates that the 
normative–critical community tends to use account 
mentions as a means of exerting symbolic pressure or 

targeting specific institutional actors. The relatively 
higher proportion of replies compared to other 
clusters suggests the presence of limited internal 
dialogue, although still largely confined within the 
same value-oriented community. Thus, the Blue 
cluster demonstrates a semi-deliberative tendency 
within the boundaries of value segmentation. 
 

 
 

 
 
 
 

Figure 6 Distribution of Interaction Types within the Blue Cluster of the MBG Discourse. 
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Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026.
In contrast, the Green cluster (Figure 6) exhibits a 

very high dominance of retweets (45.5%) and 
mentions (46.6%), with replies accounting for only 
0.6% and quoted interactions being almost negligible. 
This pattern reinforces the opinion-leader-driven 
character identified in the centralization analysis. 
Communication flows within this cluster operate 
primarily through the amplification of narratives 
produced by central figures rather than through 
horizontal dialogue. Empirically, the low proportion 
of replies indicates minimal direct argument 
exchange, meaning that opinion reinforcement 
occurs largely through the reproduction of 
previously framed messages. Such a structure tends 
to strengthen internal cohesion while limiting 
opportunities for cross-value deliberation. 

Meanwhile, the Red cluster demonstrates a 
relatively more balanced distribution between 
retweets (42.0%) and mentions (46.1%), with 
hashtags (10.9%) and replies (0.9%) remaining in 
smaller proportions. This pattern suggests a 
combination of technocratic argument reinforcement 
and the strategic use of mentions to broaden the 
scope of discussion. Although replies remain limited, 
the interaction distribution is not excessively 
concentrated in a single mode, indicating that this 
community does not rely entirely on vertical 
amplification. Therefore, the Red cluster represents a 
comparatively more rational–argumentative mode of 
communication, albeit still operating within 
segmented community boundaries. 

Overall, the interaction mode indicator reveals 
that MBG discourse on Platform X is predominantly 
shaped by mechanisms of amplification and 
positional signaling through mentions and retweets, 
while direct dialogue via replies remains marginal. 
Variations across clusters indicate differing levels of 
deliberative potential within each community; 
however, these remain insufficient to overcome 
structural segmentation. These findings reinforce the 

earlier interpretation that the MBG digital public 
sphere is characterized by moderate fragmentation, 
where internal narrative reproduction is more 
prominent than cross-community argumentative 
negotiation. 

5.4. Discursive Plurality 

The discursive plurality indicator is employed to 
assess the extent to which the digital public sphere 
surrounding the MBG policy reflects diversity in 
value orientations, affective expressions, and 
narrative framing. While the connectivity indicator 
identifies community segmentation and the 
centralization indicator evaluates the distribution of 
discursive power, this indicator focuses on the 
variation of meanings circulating within the network. 
Within the Networked Public Sphere framework, 
discursive plurality is measured not merely by the 
number of actors involved, but by the diversity of 
evaluative and affective positions competing to 
frame policy legitimacy (Avelino, 2021; Casero-
Ripollés, 2021; Paskarina, 2023). Accordingly, the 
analysis examines sentiment distribution, emotional 
expression, as well as variations in hashtags and 
dominant keywords. 

The sentiment distribution (Figure 7) indicates 
that public conversation regarding MBG is 
dominated by negative sentiment (51.8%), followed 
by positive (24.4%) and neutral (23.9%) sentiments. 
Empirically, this composition suggests that the 
evaluative orientation toward the policy tends to be 
critical, yet not entirely homogeneous. The 
substantial presence of positive and neutral 
sentiments demonstrates that supportive and 
moderate positions remain integral to the discursive 
space. Thus, although pressures on policy legitimacy 
appear more pronounced on the critical side, the 
overall structure of public opinion still reflects an 
open contestation of narratives rather than a singular 
evaluative consensus. 

 
Figure 7 Distribution of Sentiment and Emotion in the MBG Policy Discourse on Platform X, January 

2026. Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026.
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At the affective level (Figure 7), the distribution of 

emotions reveals a more complex configuration. 
Disgust (27.7%) and neutral (27.2%) emerge as the 
largest categories, followed by anticipation (16.7%) 
and trust (8.2%), while sadness and other emotions 
appear in smaller proportions. The dominance of 
disgust indicates that part of the discourse develops 
within a framework of moral evaluation toward the 
policy, rather than merely technical criticism. 
However, the presence of anticipation and trust 
signals expectations and confidence in the potential 
benefits of the program. This variation demonstrates 
that although negative sentiment is dominant, the 
affective structure of the discourse is not monolithic. 
In the literature on affective polarization, the 
coexistence of negative and anticipatory emotions 
suggests a dynamic arena of meaning contestation 
rather than a simple binary opposition (Garimella et 
al., 2022). 

Plurality is also evident in the distribution of 
trending hashtags (Figure 8). Hashtags such as 
#NutritiousMealsDisaster and #MakeGibranResign 
reflect critical framing that associates the policy with 
program failure or political delegitimation. 
Conversely, hashtags such as 
#SupportNutritiousMeals, 
#ContinueNutritiousMeals, and 
#FreeNutritiousMeals indicate pro-policy framing 
that emphasizes program continuity and social 
benefits. Additionally, the appearance of hashtags 
such as #NewsUpdate, 
#PrioritiesAgendaPrabowo2026, and 
#AgainstCritics signals an expansion of the discourse 
into broader political and national agenda domains. 
Empirically, this diversity of framing demonstrates 
that the debate extends beyond technocratic 
budgetary concerns and evolves into a symbolic 
contestation over development priorities and 
leadership legitimacy. 

 
Figure 8 Distribution of Trending Hashtags in the Free Nutritious Meal Policy Discourse on Platform X, 

January 2026. 
Source: Authors’ analysis using Big Data Advanced Network Analytics (ANA), 2026. 

The analysis of term keywords and term phrases 
(Figure 8) further reinforces the finding of semantic 
plurality. Terms such as “educational unit,” 
“department of health,” and “sub-district” indicate 
the presence of an administrative–technocratic 
discourse grounded in policy implementation. 
Meanwhile, phrases such as “free nutritious meals” 
and “food program” emphasize welfare dimensions 
and human capital development. The coexistence of 
technical, normative, and political language within a 
single network suggests that the MBG digital public 
sphere is not dominated by a single discursive 
domain. Thus, discursive plurality manifests not 

only in differences of stance but also in the diversity 
of interpretative frameworks. 

Overall, the discursive plurality indicator 
demonstrates that MBG discourse on Platform X is 
plural in evaluative, affective, and semantic terms, 
albeit with a more pronounced critical orientation. 
The emerging digital public sphere is not a 
homogeneous arena fully polarized in one direction; 
rather, it constitutes a competitive space of meaning 
marked by variations in emotion, framing, and value 
orientation. These findings complement the previous 
indicators by showing that structural fragmentation 
does not eliminate discursive diversity, but instead 
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frames it within communities carrying distinct 
configurations of meaning. In the context of policy 
legitimacy, such plurality creates opportunities for 
value negotiation, while simultaneously implying a 
risk of delegitimation if negative emotions and 
critical framing continue to intensify within a 
relatively segmented network structure. 

5. CONCLUSION 

The findings demonstrate that MBG discourse 
forms a multipolar structure characterized by a 
moderate level of fragmentation. The connectivity 
indicator reveals the emergence of several major 
clusters with distinct narrative orientations, 
normative–constitutional, opinion-leader driven, 
and technocratic, that are internally cohesive yet 
maintain limited cross-community connectivity. This 
structure indicates that the digital public sphere is 
neither fully isolated nor strongly integrated in a 
deliberative sense. The centralization indicator 
further shows variations in the distribution of 
discursive power across principal clusters. Certain 
clusters, particularly those characterized as opinion-
leader driven, exhibit high influence concentration 
and vertical amplification patterns, while others 
display more distributed and participatory influence 
structures. These findings suggest that structural 
fragmentation does not occur uniformly but is 
shaped by the configuration of dominant actors 
within each community. 

In terms of interaction mode, discourse is largely 
dominated by retweets and mentions, whereas the 
proportion of replies remains relatively low. This 
pattern indicates that conversations evolve primarily 
through mechanisms of amplification and positional 
reinforcement rather than direct argumentative 

dialogue. The dominance of retweets within more 
centralized clusters reinforces the tendency toward 
internal narrative reproduction, thereby limiting 
opportunities for cross-value deliberation. 
Nevertheless, the discursive plurality indicator 
demonstrates that the MBG digital public sphere is 
not homogeneous. Sentiment and emotional 
distributions reveal significant evaluative and 
affective variation, despite the prominence of 
negative sentiment and morally grounded emotions. 
The diversity of hashtags and keywords further 
indicates framing competition among critical, pro-
policy, technocratic, and political narratives. Thus, 
fragmentation does not eliminate diversity of 
meaning but organizes it within communities 
carrying distinct value configurations. 

Overall, this study concludes that the digital 
public sphere surrounding the MBG debate reflects a 
fragmented plural sphere: structurally segmented, 
varied in its distribution of discursive power, 
dominated by amplification mechanisms, yet still 
exhibiting evaluative and semantic plurality. This 
condition enables dynamic contestation of meaning 
while simultaneously heightening the risk of 
delegitimation if negative narratives and moralized 
affect intensify within relatively segmented network 
structures. These findings underscore that the 
legitimacy of social policy in the digital platform era 
is shaped not only by policy substance but also by the 
configuration of public communication networks 
that structure its contestation. Consequently, policy 
communication strategies must account for digital 
community structures, influence distribution, and 
affective dynamics in order to ensure that 
clarification and dialogue can traverse established 
cluster boundaries. 
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