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ABSTRACT 
Artificial intelligence (AI)–driven decision systems are rapidly reshaping governance, economic markets, and 
institutional ethics by embedding algorithmic rationality into core societal infrastructures. Unlike earlier 
computational tools, contemporary AI systems autonomously optimize, predict, and regulate behaviour across 
public administration, finance, healthcare, and digital platforms. This transformation signals the rise of 
algorithmic power a structural form of authority exercised through data models rather than democratic 
deliberation. Simultaneously, AI systems encode implicit cultural rationalities, privileging certain 
epistemologies, behavioral norms, and value hierarchies while marginalizing others. This paper develops a 
critical theoretical framework integrating political economy, cultural sociology, and AI governance studies to 
examine how algorithmic systems are reconfiguring decision-making authority. The analysis demonstrates that 
AI-driven governance produces efficiency gains but also redistributes power asymmetrically, alters market 
competition structures, and complicates ethical accountability. The study argues that algorithmic rationality 
does not merely automate decisions; it institutionalizes new forms of governance logic that challenge 
democratic oversight and ethical responsibility. The paper concludes by proposing a culturally reflexive model 
of algorithmic governance that prioritizes transparency, plural epistemologies, and accountability structures. 

KEYWORDS: Algorithmic Power; AI Governance; Cultural Rationality; Digital Markets; Ethical Responsibility; 
Platform Capitalism; Automated Decision Systems. 
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1. INTRODUCTION 

Artificial intelligence (AI)–driven decision systems 
have rapidly transitioned from experimental tools to 
core infrastructures of governance, markets, and 
institutional management. Across domains such as 
predictive policing, credit scoring, welfare allocation, 
public health surveillance, and digital platform 
regulation, algorithmic systems now shape 
consequential decisions affecting millions of 
individuals. These systems operate through large-
scale data aggregation, predictive modelling, and 
continuous optimization, enabling what scholars 
increasingly describe as algorithmic governance [1], 
[2]. Unlike traditional bureaucratic administration 
grounded in procedural rule-making, AI-driven 
systems rely on probabilistic inference and 
automated classification, often functioning with 
limited transparency or direct democratic oversight. 

This shift signals the emergence of algorithmic 

power a structural form of authority exercised 
through computational architectures rather than 
formal institutional hierarchy. Algorithmic power 
operates by structuring the informational 
environment within which decisions are made, 
thereby influencing outcomes before deliberation 
occurs [3]. As Pasquale argues, algorithmic opacity 
complicates public scrutiny and redistributes power 
toward actors controlling technical infrastructures 
[4]. Similarly, Zuboff highlights how data extraction 
and predictive analytics underpin new forms of 
economic and behavioral control within digital 
capitalism [5]. These transformations challenge 
conventional understandings of accountability, 
responsibility, and legitimacy in both public and 
private sectors. 

At the same time, AI systems embed forms of 
cultural rationality implicit assumptions about 
efficiency, risk, productivity, and fairness that reflect 
particular socio-economic contexts. Because machine 
learning models are trained on historically situated 
datasets, they may reproduce structural biases and 
dominant epistemologies [6]. Algorithmic decision 
systems therefore do not merely automate 
governance; they institutionalize specific normative 
logics that can reshape policy priorities, market 
competition, and ethical reasoning. As O’Neil warns, 
unregulated predictive models may amplify 
inequality while presenting themselves as neutral 
and objective [7]. 

This paper argues that AI-driven decision systems 
are rewriting governance, markets, and ethical 
responsibility by embedding algorithmic rationality 
into societal infrastructures. Rather than treating AI 
as a technical instrument, the study conceptualizes it 

as a socio-political force that redistributes authority, 
restructures competitive dynamics, and complicates 
moral accountability. Understanding this 
transformation requires integrating political 
economy, cultural sociology, and AI governance 
theory into a unified analytical framework. 

2. RESEARCH OBJECTIVES 

• To Theoretically Conceptualize Algorithmic 
Power in Contemporary Societies 

• To Examine the Role of Cultural Rationality 
Embedded in AI Systems 

• To Investigate the Impact of AI-Driven Decision 
Systems on Governance and Market Structures 

• To Analyze Ethical Responsibility and 
Accountability in Algorithmic Decision-Making 

3. RELATED WORKS 

The four research objectives of this study 
conceptualizing algorithmic power, examining 
cultural rationality, investigating governance and 
market restructuring, and analyzing ethical 
accountability intersect with multiple scholarly 
traditions including political economy, science and 
technology studies (STS), digital sociology, AI ethics, 
and regulatory theory. Existing literature provides 
rich but fragmented insights. This section critically 
synthesizes these strands to identify conceptual 
convergences and unresolved tensions. 

3.1. Conceptualizing Algorithmic Power in 
Contemporary Societies 

Scholars increasingly argue that algorithmic 
systems represent a new modality of power rather 
than a mere technical extension of administrative 
tools. Gillespie first highlighted how algorithms 
structure visibility and shape public discourse, 
particularly in platform environments, by governing 
information flows [1]. Building on this, Pasquale 
conceptualized algorithmic authority as operating 
through opacity and proprietary control, where 
decision systems remain inaccessible to public 
scrutiny [2]. Unlike bureaucratic power rooted in 
rule-based legitimacy, algorithmic power derives 
legitimacy from computational objectivity, often 
shielded by trade secrecy and technical complexity. 

Zuboff situates algorithmic power within 
surveillance capitalism, arguing that predictive 
analytics convert behavioural data into economic 
assets, thereby enabling anticipatory governance of 
consumer behaviour [3]. This form of power does not 
coerce overtly; it shapes behavioural possibilities 
through predictive nudging. Similarly, Beer describes 
algorithmic infrastructures as shaping perception 
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itself, influencing how individuals interpret 
information and social reality [4]. 

Critically, these scholars agree that algorithmic 
systems restructure authority, yet they differ in 
emphasis. While Pasquale foregrounds opacity and 
regulatory capture, Zuboff emphasizes economic 

extraction and behavioural modification. What 
remains underdeveloped is a systematic integration 
of these views into a unified theory distinguishing 
algorithmic power from both state sovereignty and 
corporate dominance. 

A comparative framing is useful: 

Table 1 
Dimension Bureaucratic Power Market Power Algorithmic Power 

Basis of Authority Legal-rational rules Ownership & capital Data & predictive models 

Transparency Procedural Financial reporting Often opaque 

Decision Logic Rule compliance Profit maximization Optimization & prediction 

Accountability Administrative review Market competition Technically mediated 

 

Algorithmic power thus operates infrastructurally, 
influencing outcomes indirectly through data 
architectures rather than direct command structures. 
However, critics argue that describing it as a novel 
form of power risks overstating its autonomy, as 
these systems remain embedded in institutional and 
corporate interests [5]. The literature therefore reveals 
a tension between technological determinism and 
socio-institutional embedding. 

3.2. Cultural Rationality Embedded in AI Systems 

A growing body of scholarship emphasizes that AI 
systems are not culturally neutral. Machine learning 
models reflect the socio-historical contexts of their 
training data. Barocas and Selbst demonstrate how 
algorithmic systems can reproduce structural 
inequalities through biased data distributions [6]. 
O’Neil further argues that predictive models often 
encode normative judgments about productivity, 
risk, and desirability under the guise of mathematical 
neutrality [7].

 
Figure 1: Predictive Modelling [4] 

From a sociological perspective, cultural rationality 
refers to embedded assumptions about what 
constitutes fairness, efficiency, or legitimacy. AI 
models trained in predominantly Western contexts 
often privilege individualistic norms, quantifiable 
performance metrics, and market-based evaluation 
criteria. This privileging may marginalize 
communitarian or relational governance logics 
prevalent in non-Western societies [8]. Research on 
cross-cultural AI deployment shows that facial 
recognition accuracy, hiring algorithms, and credit 
scoring systems often perform unevenly across 

demographic groups due to dataset imbalances [9]. 
However, the deeper issue extends beyond bias 
correction. Scholars such as Crawford argue that AI 
systems institutionalize extractive epistemologies, 
where datafication itself becomes a cultural 
imposition [10]. Critically, most technical fairness 
research treats bias as a statistical deviation rather 
than a structural reflection of power relations. These 
narrow framing risks reducing cultural rationality to 
an engineering problem. The literature therefore 
lacks a robust theoretical bridge connecting cultural 
sociology with AI system design. 
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3.3. AI-Driven Governance Transformation 

Algorithmic governance has become a defining 
feature of contemporary public administration. 
Yeung conceptualizes algorithmic regulation as 
systems that monitor, evaluate, and correct behavior 
automatically through feedback loops [11]. These 
systems promise efficiency and consistency but alter 
the discretionary role of human officials. 

Predictive policing systems exemplify this shift. 

Research indicates that predictive crime mapping 
tools often reinforce historical over-policing patterns 
because they rely on historically biased crime data 
[12]. Similarly, automated welfare fraud detection 
systems have produced false positives, 
disproportionately affecting vulnerable populations 
[13]. These examples illustrate how predictive 
governance may amplify rather than mitigate 
structural inequalities.

 
Figure 2: Predictive Policing AI [8] 

At the institutional level, AI adoption shifts 
governance from deliberative reasoning to 
probabilistic forecasting. Instead of asking normative 
questions what is just or fair systems prioritize what 
is statistically likely. This transition aligns with what 
some scholars call “risk-based governance,” where 
precautionary logic overrides participatory 
deliberation [14]. 

However, defenders argue that algorithmic 
systems reduce human bias and corruption by 
standardizing decision-making processes [15]. 
Empirical studies show that certain automated 
decision systems outperform human evaluators in 
consistency metrics. Yet consistency does not 
necessarily imply justice. The literature thus reveals a 
central paradox: AI governance increases procedural 
regularity while potentially diminishing contextual 
sensitivity. 

3.4. Market Structures and Algorithmic 
Competition 

In markets, algorithmic infrastructures have 
transformed competition dynamics. AI-driven 
recommendation systems, dynamic pricing models, 
and predictive analytics tools give dominant firms 
structural advantages. Studies show that firms 
controlling large datasets and proprietary algorithms 
gain network effects that entrench market dominance 
[16]. 

Algorithmic pricing systems can coordinate 
market behavior in ways that resemble tacit collusion, 
even without explicit human agreement [17]. 
Competition law scholars warn that traditional 
antitrust frameworks are ill-equipped to address 
algorithmic coordination. Additionally, platform-
based AI systems shape consumer exposure to 
products, thereby influencing demand formation 
itself [18]. 

Economic concentration is increasingly tied to data 
accumulation rather than physical assets. This “data 
asymmetry” intensifies entry barriers for smaller 
firms lacking comparable training datasets. Critics 
argue that algorithmic infrastructures create a 
feedback loop: dominant firms collect more data, 
which improves model accuracy, which further 
consolidates market position [19]. Nevertheless, some 
empirical research suggests that AI tools can also 
democratize entrepreneurship by lowering 
operational costs for small businesses [20]. The 
evidence is therefore mixed. What remains 
insufficiently examined is how algorithmic 
rationality restructures the normative foundations of 
markets from price competition toward predictive 
behavioral control. 

3.5. Ethical Responsibility and Accountability 
Gaps 

The ethical dimension of AI governance has 
generated extensive debate. One central concern is 
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the “responsibility gap,” where harm caused by 
algorithmic systems cannot be clearly attributed to 
any single actor [21]. Developers design models, 
organizations deploy them, and automated systems 
execute decisions, diffusing accountability. 

The European Union’s regulatory initiatives 
emphasize transparency and human oversight as 
mechanisms to address this diffusion [22]. However, 
critics argue that explainability measures often 
remain superficial, failing to provide meaningful 
recourse for affected individuals [23]. A key issue is 
the opacity of deep learning models. While 
explainable AI research attempts to render decision 
pathways interpretable, scholars note that 
interpretability does not guarantee ethical alignment 
[24]. Moreover, ethical audits frequently focus on 
compliance checklists rather than substantive 
evaluation of societal impact. Another unresolved 
debate concerns whether AI systems themselves can 
be moral agents. Most legal scholars reject attributing 
responsibility to machines, insisting that 
accountability must remain human-centered [25]. Yet 
practical enforcement mechanisms remain 
ambiguous, particularly in transnational digital 
infrastructures. 

4. METHODOLOGY 

This study adopts a conceptual–analytical 

research design grounded in interdisciplinary theory 
synthesis to examine how AI-driven decision systems 
reshape governance structures, market dynamics, 
and ethical responsibility through algorithmic power 
and embedded cultural rationalities. Given the 
structural and normative nature of the research 
objectives, an interpretive-explanatory methodology 
is employed rather than a purely empirical or 
statistical approach. The study integrates literature 
from political economy, digital sociology, regulatory 
theory, cultural sociology, and AI governance 
scholarship to construct a coherent analytical 
framework. The unit of analysis is not a single AI 
application but the institutional logic of AI-driven 
decision systems as socio-technical infrastructures 
operating across governance and market domains. 

The methodological process followed four 
structured stages. First, a systematic literature 
mapping was conducted to identify foundational and 
contemporary scholarship addressing algorithmic 
governance, platform capitalism, predictive 
regulation, AI ethics, and cultural bias in machine 
learning. Second, a thematic coding strategy was 
applied to classify literature into four analytical 
clusters corresponding to the research objectives: (1) 
conceptualizations of algorithmic power, (2) cultural 
rationality and embedded normativity, (3) 

governance and market restructuring, and (4) ethical 
accountability and responsibility gaps. Third, a 
comparative institutional analysis was developed to 
examine how AI systems function differently across 
public administration, financial markets, and digital 
platform ecosystems. This stage enabled 
identification of structural patterns such as predictive 
optimization, opacity, feedback loops, and data 
concentration. Finally, an integrative synthesis model 
was constructed to demonstrate how these 
mechanisms interact across governance, markets, and 
ethical frameworks. 

The study relies on qualitative analytical 
techniques including conceptual abstraction, 
comparative analysis, and normative evaluation. 
Rather than measuring quantitative outcomes, the 
research evaluates structural transformations in 
authority distribution and rationality formation. 
Analytical validity is ensured through triangulation 
across theoretical traditions, consistency with 
documented case evidence in prior scholarship, and 
critical engagement with competing interpretations. 
The methodology assumes that AI systems are 
embedded in institutional contexts and therefore 
must be examined as socio-technical assemblages 
rather than isolated technical artifacts. 

5. ANALYSIS AND DISCUSSION 

This section analyzes how AI-driven decision 
systems operationalize algorithmic power and embed 
cultural rationality across governance, markets, and 
ethical domains. The discussion moves beyond 
descriptive accounts to examine structural 
transformations in authority, institutional logic, and 
accountability. 

5.1. Algorithmic Power as Infrastructural 
Authority 

The analysis indicates that algorithmic power 
functions not as overt coercion but as infrastructural 
conditioning. AI systems structure decision 
environments by pre-classifying risks, ranking 
alternatives, and optimizing outcomes. Unlike 
traditional bureaucratic authority, which operates 
through rule enforcement and administrative 
hierarchy, algorithmic systems operate through 
probabilistic scoring and predictive modelling. 

For example, predictive risk models in governance 
contexts pre-determine eligibility thresholds, 
influencing decisions before human review occurs. 
This shifts discretion from frontline officials to model 
designers and data engineers. Authority becomes 
embedded within technical architectures rather than 
institutional offices. 

This structural shift can be summarized as follows:  
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Table 2 
Governance Dimension Traditional Model AI-Driven Model 

Decision Basis Legal rules & precedent Predictive scoring & optimization 

Discretion Human judgment Model-weighted outputs 

Transparency Procedural documentation Often opaque algorithms 

Accountability Administrative hierarchy Distributed across actors 

 

The critical issue is not merely automation but 
authority relocation. Decisions appear neutral 
because they are statistically derived, yet their 
underlying assumptions remain socially constructed. 
This diffusion of authority complicates democratic 
oversight. 

5.2. Cultural Rationality and Embedded 

Normativity 

AI systems encode implicit normative assumptions 
through training data, optimization objectives, and 
performance metrics. The analysis suggests that most 

AI decision architectures privilege efficiency, 
quantification, and risk minimization. These reflect 
particular economic and administrative traditions 
rooted in neoliberal governance logics. 

When deployed globally, such rationalities may 
displace alternative decision frameworks 
emphasizing relational accountability, restorative 
justice, or collective welfare. Cultural rationality 
therefore operates as a silent structuring mechanism 
within algorithmic infrastructures. 

The embedding process can be analytically 
represented:

Table 3 
Design Component Embedded Cultural Assumption Structural Effect 

Optimization objective Efficiency maximization Prioritizes speed over deliberation 

Risk prediction Statistical normality Penalizes outliers 

Performance metrics Quantifiable productivity Marginalizes qualitative evaluation 

Data selection Historical behavioural patterns Reproduces structural inequalities 

 
The analysis shows that bias is not limited to data 

imbalance; it extends to epistemological framing. 
Treating fairness as a statistical parity issue overlooks 
deeper cultural asymmetries in how rationality itself 
is defined. 

5.3. Governance Transformation: From 

Deliberation to Prediction 

AI-driven systems have shifted governance toward 
predictive rationality. Public administration 
increasingly relies on algorithmic scoring for resource 
allocation, fraud detection, policing prioritization, 
and regulatory compliance monitoring. This 
transition enhances procedural consistency but 
reduces contextual discretion. 

Predictive governance emphasizes anticipatory 
intervention preventing risk before it materializes. 
While this increases efficiency, it may erode 
principles of due process and individualized 
assessment. Decisions become future-oriented 
probability assessments rather than retrospective 
evaluations of conduct. 

The discussion reveals a paradox: 

• Efficiency increases through standardized 
scoring. 

• Legitimacy risks decline when citizens 
cannot contest opaque decision logic. 

• Equity outcomes vary, depending on data 
quality and governance oversight. 

AI systems thus transform governance rationality 
from normative deliberation (“what ought to be 
done?”) to predictive calculation (“what is likely to 
happen?”). This epistemic shift alters the foundation 
of public authority. 

5.4. Market Restructuring and Algorithmic 

Concentration 

In market systems, algorithmic infrastructures 
produce asymmetrical competitive advantages. 
Firms controlling proprietary datasets and advanced 
models gain cumulative benefits through feedback 
loops. Data concentration improves predictive 
accuracy, which enhances market dominance, which 
generates further data accumulation. 

This self-reinforcing cycle can be illustrated:

Table 4 
Market Factor Pre-AI Economy Algorithmic Economy 

Competitive Advantage Capital & scale Data & model accuracy 

Consumer Choice Search-based Algorithmically curated 

Pricing Fixed or negotiated Dynamic, real-time 

Entry Barriers Financial capital Data access & computing power 
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Algorithmic pricing systems also alter market 
transparency. Consumers interact with personalized 
price signals, limiting collective price comparison and 
weakening traditional market discipline mechanisms. 

However, the analysis acknowledges 
counterarguments. AI tools can reduce operational 
costs for smaller firms and improve supply-chain 
efficiency. Yet the broader pattern indicates 
concentration around firms with superior algorithmic 
infrastructure. Markets evolve from open 
competition toward predictive behavioural 
management. 

5.5. Ethical Responsibility and Accountability 
Diffusion 

AI-driven decision systems complicate 

responsibility attribution. When harm occurs such as 

discriminatory credit denial or flawed risk 

classification accountability may be dispersed among 

developers, deploying institutions, and automated 

systems. 

This responsibility diffusion can be 

conceptualized: 

Table 5  
Actor Role Accountability Challenge 

Developers Model design Limited control over deployment context 

Organizations System deployment Limited transparency into model internals 

Regulators Oversight Technical capacity constraints 

AI System Decision output No legal personhood 

 
The absence of clear responsibility chains creates 

governance ambiguity. Explainability mechanisms 
partially address opacity, but they do not resolve 
normative responsibility allocation. Furthermore, 
ethical audits often emphasize compliance rather 
than substantive justice. Formal transparency does 
not guarantee equitable outcomes. The analysis 
suggests that accountability must shift from post-hoc 
explanation toward pre-deployment governance 
design. 

6. DISCUSSION 

The central insight emerging from this analysis is 
that AI-driven decision systems institutionalize a new 
governing rationality. Algorithmic rationality 
prioritizes prediction, efficiency, and quantification. 
While these attributes improve operational 
performance, they simultaneously restructure 
authority, cultural norms, and ethical responsibility. 
Algorithmic power does not eliminate human 
agency; rather, it redistributes agency across socio-
technical assemblages. Governance becomes co-
produced by data infrastructures. Markets become 
mediated by predictive personalization. Ethical 
responsibility becomes systemically distributed. The 
risk lies not in automation alone but in unexamined 
normalization. When predictive models are 
perceived as neutral, embedded cultural rationalities 
remain invisible. Democratic oversight mechanisms 
struggle to interrogate technical architectures that 
exceed institutional expertise. However, the analysis 
does not conclude that AI governance is inherently 
detrimental. Under strong regulatory oversight, 
transparency standards, and participatory evaluation 
mechanisms, algorithmic systems can enhance 
procedural consistency and reduce arbitrary 
decision-making. The decisive variable is governance 

design. Where oversight is weak and data 
concentration high, algorithmic power consolidates 
asymmetrically. Where transparency, cultural 
reflexivity, and accountability structures are 
embedded, AI systems may function as augmentative 
rather than dominating forces. 

7. CONCLUSION 

This study examined how AI-driven decision 
systems are reshaping governance, market structures, 
and ethical responsibility through the consolidation 
of algorithmic power and embedded cultural 
rationalities. Moving beyond a purely technical 
evaluation of artificial intelligence, the analysis 
positioned algorithmic systems as socio-technical 
infrastructures that redistribute authority, redefine 
rationality, and transform accountability mechanisms 
across institutional domains. 

The findings demonstrate that algorithmic power 
operates infrastructurally by structuring decision 
environments through predictive modeling, 
automated classification, and optimization logics. In 
governance contexts, this shift replaces deliberative 
discretion with probabilistic scoring, enhancing 
procedural consistency but potentially weakening 
democratic transparency and contestability. In 
markets, AI infrastructures privilege firms with 
superior data access and computational capacity, 
reinforcing concentration dynamics and reshaping 
competitive advantage around predictive accuracy 
rather than traditional capital alone. In ethical 
domains, AI systems diffuse responsibility across 
developers, deploying organizations, and regulators, 
generating accountability gaps that existing legal 
frameworks struggle to address. 

A central contribution of this study lies in 
identifying cultural rationality as a structural 
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component of algorithmic systems. AI-driven 
decision architectures encode normative assumptions 
about efficiency, productivity, fairness, and risk that 
reflect specific socio-economic traditions. When 
deployed globally, these rationalities may 
marginalize alternative epistemologies and 
governance practices. Thus, algorithmic governance 
is not culturally neutral; it institutionalizes a 
particular vision of rational order. 

Importantly, the analysis does not portray AI as 
inherently detrimental. Rather, the impact of 
algorithmic power depends on governance design, 
regulatory oversight, transparency standards, and 
participatory accountability mechanisms. The 
challenge is not whether AI should participate in 
governance and markets, but how it can be embedded 
within democratically legitimate and culturally 
reflexive institutional frameworks. 

8. FUTURE WORK 

First, empirical investigation is required to 
operationalize the conceptual framework developed 
here. Future studies may conduct comparative case 
analyses of AI deployment in public administration, 
financial markets, and digital platforms to measure 
institutional shifts in authority distribution and 
accountability structures. Mixed-method research 
combining policy analysis, stakeholder interviews, 
and algorithmic auditing would strengthen empirical 
validation. Second, cross-cultural research is 
necessary to examine how algorithmic systems 
interact with diverse governance traditions. 
Comparative studies across regions such as Europe, 
North America, and Asiacould explore whether AI 

deployment reinforces or challenges local 
institutional logics. Such research would deepen 
understanding of cultural rationality as a measurable 
structural variable rather than a theoretical 
abstraction. Third, future work should focus on 
developing governance metrics capable of evaluating 
algorithmic legitimacy. Current regulatory 
frameworks emphasize transparency and fairness, 
yet lack standardized measures of democratic 
contestability, cultural alignment, and institutional 
accountability. Interdisciplinary collaboration 
between legal scholars, computer scientists, and 
sociologists could produce actionable governance 
indicators. Fourth, longitudinal research is needed to 
assess the long-term institutional consequences of 
predictive governance. As AI systems become 
embedded in core infrastructures, their cumulative 
effects on public trust, market competition, and 
ethical norms may evolve over time. Monitoring 
these dynamics is essential for adaptive regulatory 
design. Finally, future scholarship should explore 
participatory AI governance models that incorporate 
civil society, community stakeholders, and 
interdisciplinary oversight bodies into algorithmic 
evaluation processes. Embedding reflexivity at the 
design stage may prevent the consolidation of 
unaccountable algorithmic power. In sum, future 
research must move beyond debates over technical 
bias toward structural examination of how AI 
systems redefine authority, rationality, and 
responsibility. Only through sustained 
interdisciplinary inquiry can societies ensure that 
algorithmic infrastructures remain accountable to 
democratic values and cultural plurality. 
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